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Principal component analysis
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Symbolics, Many Ys
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Symbolics, One Ys
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PLS1: Symbolics

X t1

p1

y

Scores
Loadings Errors

q1

= E1+
w1

Loading weights

= t1 f1+
y-errors

y-loading1

2

3

4

5

09/03/20156 DTU Compute, Technical University of Denmark

PLS1: Symbolics
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PLS1: Symbolics
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PLS2 Intuition (=”PCR2”)

T

EPTxX  'X PCA of X:

Y PCA of Y: FQUyY  '

U

Let the X-components describe the Y-components:

In PLS2:  The X and Y decompositions are NOT chosen 

independently from each other

(In classical text books: Canonical Correlation analysis)

09/03/20159 DTU Compute, Technical University of Denmark

PLS in perspective
• Two matrices X and Y are compared
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Based on Martens & Martens
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PLS in perspective
• Other extensions:

– N-PLS (Multiblock data: X,Y,Z)
– L-PLS (For consumer preference mapping)
–
–
–
–


